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Q1 How do computers see pictures?
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Q1 What can this technology be used for?
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Q  What is the most important idea in this talk? Do you agree with it? Why?
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i WORD BANK bias regulate  machinelearning autonomous addiction dependence
1  The system showed because of the data it learned from.
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2 cars use sensors to drive without a human driver.
BENEHGEIL, o — & FE > TANEGRLRSTEEVFE T,
3 Our on phones grows every year.
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4  Governments are trying to the use of Al.
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