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How we teach computers to understand pictures | Fei Fei Li
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Q1 Howdo children learn to recognize things?
FEBIFEDICODTEDNZERAITONDLDITRDEDTLLD ?

Q2 Canacomputer really "see" a picture?
AVE1—FEALICEEEIRDICEMTETETLLOIN?

Q3 Guess: What will the speaker want to tell us?
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1 | recognize Qo3 QREZESH3 O)HHT
2 | image Qo3 QREZESH3 OHHT
3 | machine learning Omotad QRRrIESD QIHT
4 | algorithm Qmotad QRRrIEHS OHAHT
5 | dataset Qo3 QREZESH3 OHHT

HOOKY v &l &
1EIBIFEAEFR T AEDAENZEONE

TED HACKS (JRE5EE) [& TED Conferences, LLC EREUTVWRVIEARDREEFE AR T L) - 555 - fRsR

haradaeigo.com/tedhacks/talk/40riCqvRoMs/ FEEEED AT, B B ECERC BT,

1/5



© TED HACKS TALK WORKSHEET WHILE YOU WATCH [P¥E

© 3E@ELS (REEOY) warcn tos
h

ROUND . - Oaer FELL-%-H A
=HE=— S A N Vo
\ 1 1 @EI&*EZF:":%%T\ Eﬂn@uwﬂé’:’)b B — T )
( A\
" 2EBIFEEFE T, AIVEENEE3I~5@AXETS QO#r FRIARL-%K-H
REEFR CAIVFEEDEE3~
2 OE®®E@ |
f 1)
ROUND oo AR ZE - —H:.I E D g FERL-E-H
\ 3 Eﬁj‘b@%:u\ EnéBO*/ N F‘:'Ik_ LT 1’&5 — — )

O =0snTy T srors s

ENETNOEA T EUFMIZEE o1 - MEREZNE BARE TXELLD (F—T—R7EZIFTOK),

N
1 HOOK
h\
J
N
2 QUESTION
felRE - L)
J
N
3 IDEA
AT 7 Eik
J
S
4 EXAMPLE
IR
J
N
5 MESSAGE
XEH IFUD
F
: J
e EIEHEMN/=REEXTE PHRASE CATCHER 2EH
MEMN=REE (BFE-TL—X)
1
2
3
4
5
HEECS

haradaeigo.com/tedhacks/talk/40riCqvRoMs/

-So / But / Now / Here’s the thing 2& EEOUINB D EFISFE T D ER/NMNONDET,
LYBEEINZF—T—RIE FDM—VDEBE B_ZAZ5@AHTEINMAXELLD,

TED HACKS (JRE:EE) & TED Conferences, LLC &RV TVWRVIEARDEEFE AR TI . L) - 555 - fRsR

[FRAREDAVIF I, ZEE-BETHAICHENTIZSL, 2/5



o TED HACKS TALK WORKSHEET

AFTER YOU WATCH BEFE]

o Bl=HbEICEZ LD ArTer vou waTCH

Q1 Howdid the researchers teach computers to see?
MRELEIEESIPHO>TIVEI—FICRBZEETHAFELENT?

Q2 How will this technology change our lives?
COEAMFFTZEDEEFEEDIEZDTLLD ?
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Q  What is the most important idea in this talk? Do you agree with it? Why?
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i WORD BANK artificial intelligence  regulate  bias addiction  misinformation  surveillance E
1  Governments are trying to the use of Al.
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2 Smartphone can affect sleep and study.
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3 can translate text in seconds.
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4  The system showed because of the data it learned from.
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5 spreads quickly on social media.
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6  Camerasin public places raise concerns about
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. regulate

. addiction
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. surveillance
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